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Radiomics has proven to be a
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to characterize unique cancer

 The radiomic sequencer discovery process learns a radiomics sequencer that can extract highly
customized radiomic features.

Novel Discovery Radiomics
Framework where directly
discovers custom radiomic
features is proposed.

 This approach is built upon a deep convolutional StochasticNet architecture [1]. (A deep
convolutional neural network (CNN) is represented as a random graph)

* Three stochastically-formed convolutional layers, each containing 32, 32, and 64 receptive fields
(size 5 x 5), respectively were incorporated.

EXPERIMENTAL RESULTS

* A subset of 93 patient cases from the LIDC-

Novel StochasticNet radiomic
sequencers for extracting
custom radiomic  features
tailored for characterizing
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